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Executive summary 
AI is moving from experimentation to operational advantage in commodity trading. The 
firms seeing results are not treating AI as a replacement for core trading and risk 
platforms. They are using it as an intelligence and automation layer that sits above 
existing operational solutions, connects to internal and external data, and turns 
fragmented information into decisions and actions with clear controls. 

Commodity trading is a uniquely demanding environment for AI. Decisions are time-
sensitive, data is distributed across CTRM and ETRM, ERP, accounting, document 
repositories, and external market feeds, and the cost of error is high. This paper 
explains where AI creates measurable value, why many initiatives fail, and what an 
enterprise-grade approach looks like for trading, risk, operations, and IT leadership. 

1. Why AI is resurfacing now in commodities 
AI has been discussed in trading for years, but the current wave is different because it is 
less about novel models and more about practical access to information and execution 
capacity. 

First, natural language interfaces have become usable in enterprise settings. The 
practical value is not that an AI can chat, but that it can translate intent into structured 
queries, pull the right data from the right systems, and return an answer that is 
understandable by both business and technology stakeholders. In commodity firms, 
this matters because critical context is scattered. The same question, such as what is 
my exposure to a refinery outage scenario in Northwest Europe, may require data from 
positions, logistics, pricing curves, counterparty terms, and operational constraints. 

Second, document intelligence has matured. Commodity trading remains document-
heavy because contracts, confirmations, shipping documents, quality certificates, 
invoices, and claims are the operational truth of many transactions. These documents 
are often semi-structured, vary by counterparty and region, and contain the details that 
drive disputes and PnL leakage. AI can now extract, normalize, and reconcile these 
details at scale, which changes the economics of automation. 

Third, enterprise AI engineering patterns have solidified. The most important shift is that 
AI can be designed to be grounded in trusted sources, constrained in what it is allowed 
to do, and monitored like any other production system. For commodity firms, this is the 
difference between an interesting pilot and a deployable capability. 

The strategic implication is that AI is increasingly valuable as a layer on top of existing 
operational systems. It can consolidate information services, reporting, and decision 
support without demanding a risky replacement of CTRM and ETRM. This overlay 
approach also reduces risk because it can start with read-only access and expand only 
when controls and confidence are proven. 
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2. The commodity trading reality: where AI value is real 
AI value in commodities is real, but it is not evenly distributed across use cases. The 
highest returns come from connecting the data landscape, reducing manual work in 
exception-driven processes, and improving decision latency. 

2.1 The pains that matter to trading and IT leadership 

Pain 1: Decision latency caused by fragmented systems 

Commodity firms rarely suffer from a lack of data. They suffer from a lack of usable, 
consolidated context at the moment decisions are made. A trader, originator, or risk 
manager may need to combine internal positions and PnL, logistics status and 
constraints, counterparty and credit context, contract terms and operational 
obligations, market curves, freight, weather, and macro signals, plus unstructured 
intelligence from news, reports, and internal communications. 

When this context is distributed across CTRM and ETRM, ERP, accounting, shared 
drives, and external feeds, the cost is not only time. It is inconsistency. Two people can 
answer the same question differently because they used different sources or 
definitions. 

The AI opportunity is not generic insight. It is a governed intelligence layer that can 
query across systems, harmonize definitions, and return answers that are traceable to 
source data. 

Pain 2: Manual work in the middle and back office that scales with volume 

Operations teams are often the constraint on growth. As trade volume increases, the 
number of confirmations, invoices, claims, and exceptions grows faster than 
headcount. Many firms still rely on spreadsheets and email-driven processes because 
automation breaks on variability. 

AI changes this by handling the variability. It can classify documents, extract key terms, 
match them against expected values from operational systems, and route exceptions 
to the right person with the right context. The goal is not full automation. The goal is to 
reduce the manual surface area so experts spend time on true exceptions rather than 
repetitive handling. 

Pain 3: PnL leakage from slow reconciliation and dispute handling 

In commodities, small operational mismatches become material quickly. Demurrage, 
quality claims, invoice disputes, and timing differences create leakage that is hard to 
quantify until it is too late. 

AI can compress the time between an event and a response by continuously reconciling 
operational truth across documents and systems. When the system can flag anomalies 
early and prepare a dispute pack with supporting evidence, recovery rates improve and 
cycle times fall. 
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Pain 4: Data quality and semantic inconsistency 

Most firms have multiple sources of truth. Even within a single CTRM or ETRM, 
definitions differ by desk, region, or product. Across systems, the same entity can be 
represented differently, and the same metric can be calculated with different 
assumptions. 

This is where AI must be paired with a semantic layer. Without consistent definitions 
and entity resolution, AI will amplify inconsistency. With a semantic layer, AI becomes a 
way to enforce consistency by making definitions explicit and reusable. 

Pain 5: Governance, auditability, and model risk 

Commodity firms cannot accept black-box recommendations that cannot be 
explained, reproduced, or audited. This is especially true when AI outputs influence risk 
reporting, compliance narratives, or operational decisions. 

A deployable AI approach must answer what sources were used for this output, what 
permissions were applied, what changed since the last run, what checks were 
performed, and who approved the workflow and the model behavior. 

The practical implication is that AI needs to be grounded, constrained, and 
instrumented. This is not optional. It is the cost of admission. 

2.2 Beliefs about AI that help, and beliefs that hurt 

AI adoption in commodities is often slowed by beliefs that are either overstated or 
misdirected. The most useful framing is to separate what is true in principle from what 
is true in practice. 

Belief What is true What is missing in most deployments 

AI will replace 
traders. 

AI can improve 
decision quality and 
speed. 

Replacing human judgment is rarely the highest ROI. 
Augmentation and control are. 

We cannot use AI 
because of 
confidentiality. 

Data confidentiality 
is a real constraint. 

Confidentiality can be engineered through deployment 
choices, access controls, and grounded retrieval. 

If we build a model, 
we are done. 

A model can work in 
a pilot. 

Production requires monitoring, drift management, 
and governance. 

LLMs hallucinate, so 
they are useless. 

Ungrounded 
generation is risky. 

Grounded retrieval, constrained outputs, and 
deterministic checks make AI usable. 

AI ROI is impossible 
to prove. 

Some benefits are 
hard to quantify. 

Operational use cases have measurable KPIs: cycle 
time, exception rate, recovery, and throughput. 

AI needs perfect data 
first. 

Bad data creates 
bad outcomes. 

Waiting for perfect data delays value. Start with high-
value workflows and improve data iteratively. 

A consistent theme across successful programs is that AI is treated as an overlay layer 
that consolidates information services and reporting across systems, rather than as a 
replacement for core platforms. 
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3. Why AI pilots fail in commodity firms 
Most AI failures in commodities are not caused by weak algorithms. They are caused by 
misalignment with workflow, governance, and integration reality. 

3.1 AI is deployed outside the workflow 

If AI lives in a separate portal, adoption drops. Traders and operators will not switch 
context during peak workload. The AI layer must meet users where they work, or it will 
be ignored. 

3.2 Outputs are not grounded in enterprise sources 

When AI answers cannot be traced to internal data, experienced users stop trusting it. 
In commodities, trust is built through traceability. Outputs must cite sources, show 
assumptions, and make it easy to verify. 

3.3 Exception handling is underestimated 

Commodity operations are exception-driven. Any automation that fails on edge cases 
increases risk. AI must be designed to surface exceptions early, route them correctly, 
and provide the evidence required to resolve them. 

3.4 Integration complexity is minimized on paper 

CTRM and ETRM environments are complex. Value depends on connecting to trade 
capture, logistics, risk, finance, documents, and external feeds. The integration plan is 
often the project. 

3.5 Governance is bolted on later 

Governance added after deployment creates rework and delays. Controls, access 
policies, and audit requirements must be designed from the start, especially if AI will 
influence reporting or operational actions. 

4. A practical AI blueprint for commodity trading 
A production-grade AI approach in commodities is best understood as a capability 
stack that starts with consolidation and trust, then expands into automation. 

4.1 The capability stack 

Layer 1: Data connectivity across the trading landscape 

The AI layer must connect to internal operational systems and external sources. In 
practice, this includes CTRM and ETRM, ERP and accounting, document repositories, 
internal knowledge bases, and market data feeds. The objective is not to centralize 
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everything into a new monolith. The objective is to make distributed data quarriable 
through a governed interface. 

Layer 2: Semantic consistency 

A semantic layer defines what exposures, positions, costs, obligations, and events 
mean across desks and systems. This is where entity resolution and consistent metrics 
are enforced. 

Layer 3: Retrieval and evidence 

Retrieval is the foundation for trustworthy AI. The system must be able to pull relevant 
structured and unstructured evidence, apply permissions, and return sources with the 
answer. 

Layer 4: Reasoning and constrained generation 

Reasoning should be constrained to the task. In commodities, the safest pattern is to 
generate outputs that are structured, checkable, and grounded in retrieved evidence. 
Free-form narrative has a place, but only when it is traceable. 

Layer 5: Workflow acceleration and automation 

Automation should start with low-risk actions: drafting, summarizing, preparing packs, 
and routing tasks. Execution actions can follow later, but only when governance and 
monitoring are mature. 

Layer 6: Governance and monitoring 

This includes audit logs, model monitoring, drift detection, policy enforcement, and 
change control. Without this layer, AI remains a pilot. 

4.2 Reference architecture: the AI overlay layer in practice 

In commodity trading, the most scalable AI pattern is an overlay architecture that 
consolidates intelligence without replacing operational systems. The overlay sits above 
CTRM and ETRM, ERP and accounting, document repositories, internal knowledge 
bases, and external data feeds. It provides a governed interface that can be queried in 
natural language and can generate outputs that are grounded in enterprise evidence. 

This architecture typically evolves in three steps. First, it establishes read-only access 
to reporting views, APIs, and document stores. This phase is designed to reduce risk 
and build trust because AI outputs can be validated against existing sources. Second, it 
introduces a semantic layer that standardizes definitions and resolves entities across 
systems, which is essential in multi-desk, multi-region environments. Third, it expands 
into workflow acceleration where the AI can draft, route, and prepare actions, while 
execution remains controlled by existing systems and approvals. 

The critical design choice is that AI should not be allowed to invent facts or operate 
outside policy. The overlay must enforce permissions, record lineage, and provide 
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deterministic checks for high-impact outputs. For example, if an AI-generated narrative 
is included in a risk pack, the underlying data sources and calculation assumptions 
must be visible and reproducible. 

Architecture element Purpose in commodities Control points that matter 

Connectors to CTRM/ETRM, ERP, 
accounting, document stores, 
external feeds 

Make distributed data 
quarriable without replacing 
systems 

Read-only first, API 
governance, data minimization 

Semantic layer and entity 
resolution 

Ensure consistent definitions 
across desks and systems 

Ownership of definitions, 
change control, reconciliation 
rules 

Retrieval with evidence Ground outputs in trusted 
sources and reduce 
hallucination risk 

Permission enforcement, 
source citations, freshness 
checks 

Constrained generation Produce structured, 
checkable outputs that fit 
workflow needs 

Output schemas, validation 
rules, deterministic 
calculations 

Workflow acceleration Reduce manual effort while 
preserving operational control 

Approval gates, segregation of 
duties, exception routing 

Monitoring and audit Make AI production-grade and 
defensible 

Audit logs, drift monitoring, 
incident response, model 
governance 

This reference architecture is cross-commodity by design. The instruments differ 
between energy, agriculture, and metals, but the operational reality is consistent: 
multiple systems, heavy documentation, and the need for speed with control. 

4.3 High-value use cases by function 

Trading and commercial 

AI delivers value when it reduces time to context and improves consistency of pre-trade 
analysis. Examples include consolidating market intelligence with internal positions 
and historical outcomes, generating scenario narratives that explain drivers, and 
flagging contract and counterparty risks based on terms and history. 

Risk 

Risk teams benefit when AI can generate consistent, evidence-based narratives for risk 
packs, detect anomalies in valuation inputs, and surface early warning signals from 
operational and market indicators. The key requirement is that every narrative is 
traceable to data and assumptions. 

Operations and logistics 

Operations value comes from compressing cycle times and reducing exceptions. 
Document extraction, matching, and exception routing can reduce manual handling 
dramatically. In practice, the biggest gains come from focusing on the highest-volume 
document types and the most expensive exception categories. 
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Finance 

Finance benefits from faster close support, reconciliation acceleration, and dispute 
preparation. AI can continuously match expected vs actual values across invoices, 
contracts, and operational events, then prepare evidence packs for disputes. 

IT and engineering 

IT benefits when AI reduces support load through natural language query interfaces and 
accelerates development through code generation, testing, and documentation. The 
most important constraint is that AI outputs must align with internal standards and 
security policies. 

5. Use case deep dives: what “good” looks like in 
practice 
The following deep dives are written to be cross-commodity. They focus on patterns 
that repeat across energy, agriculture, and metals trading firms. 

5.1 Deep dive 1: Portfolio-aware market intelligence and decision 
support 

The problem 

Most firms have market intelligence in one place and portfolio reality in another. Market 
commentary, research, freight intelligence, weather, and macro signals are consumed 
separately from positions, exposures, and constraints. The result is decision latency 
and inconsistent interpretation. Two traders can look at the same market event and 
reach different conclusions because they used different context. 

What an AI overlay enables 

A governed AI layer can unify external market signals with internal positions, PnL, 
historical outcomes, and operational constraints. The key is not summarization. The 
key is relevance. The system should answer questions such as: 

• What changed in the market that matters to my current book? 
• Which exposures are most sensitive to this event, and why? 
• What historical patterns resemble this setup, and what were the outcomes? 

Data inputs 

External market feeds, news and reports, freight and weather where relevant, plus 
internal positions, PnL, risk metrics, limits, and historical trade outcomes. The overlay 
architecture matters because these inputs live in different systems. 
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Workflow touchpoints 

Used before and during trading decisions, in daily desk briefings, and in risk 
discussions. Adoption increases when the AI output is embedded into existing briefing 
and reporting workflows rather than requiring a separate portal. 

Failure modes and controls 

The main failure mode is ungrounded narrative that sounds plausible but is not 
traceable. Controls include retrieval with citations, freshness checks on market data, 
and clear separation between factual retrieval and interpretive commentary. Another 
failure mode is leaking sensitive positions into broader audiences. Controls include 
role-based permissions and output redaction rules. 

KPIs and time-to-value 

KPIs include time to prepare daily market and portfolio briefings, reduction in ad hoc 
data requests to analysts, and improved consistency of scenario narratives used in 
decision meetings. Time-to-value is typically measured in weeks when the overlay 
starts with read-only access to reporting views and approved external sources. 

5.2 Deep dive 2: Document-driven reconciliation and exception triage 

The problem 

Reconciliation and exception handling are where commodity firms lose time and 
money. Invoices, confirmations, shipping documents, quality certificates, and claims 
contain the details that drive disputes, demurrage, and leakage. These documents are 
variable, and exceptions are frequent. Traditional automation struggles because it 
assumes stable templates and low variability. 

What an AI overlay enables 

An AI layer can extract key terms from documents, match them against expected values 
from CTRM and ERP, and route exceptions with context. The objective is to reduce 
manual surface area and accelerate response. A mature implementation does not aim 
for zero exceptions. It aims for faster detection, better evidence, and better routing. 

Data inputs 

Document repositories, email attachments where permitted, CTRM operational data, 
ERP and accounting records, reference data, and historical dispute outcomes. External 
data can be used for enrichment, such as port congestion indicators or benchmark 
pricing references, but the core value comes from internal reconciliation. 

Workflow touchpoints 

Operations and finance teams use it daily. The system should produce an exception 
queue with reasons, supporting evidence, and recommended next steps. For high-
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impact exceptions, it should prepare a dispute pack that includes the relevant contract 
clauses, document extracts, and transaction history. 

Failure modes and controls 

The main failure mode is extraction errors that create false positives or missed 
exceptions. Controls include confidence scoring, human-in-the-loop review for low-
confidence fields, and continuous learning from corrections. Another failure mode is 
over-automation that triggers actions without approvals. Controls include approval 
gates, segregation of duties, and strict limits on what the AI can execute. 

KPIs and time-to-value 

KPIs include reconciliation cycle time, exception rate, time to resolve breaks, dispute 
win rate, and recovered value from claims and demurrage. Time-to-value is often rapid 
because document extraction and exception routing can start with a limited set of 
document types and expand iteratively. 

5.3 Deep dive 3: Evidence-based risk and executive narratives 

The problem 

Risk packs and executive updates are expensive to produce and often inconsistent. 
Teams spend time assembling charts, explaining drivers, and reconciling numbers 
across sources. In volatile markets, narratives lag reality, and leadership decisions are 
made with incomplete context. 

What an AI overlay enables 

A governed AI layer can generate evidence-based narratives that explain what changed, 
why it changed, and what exposures are most affected. The critical requirement is 
traceability. Every statement should be linked to underlying data, and assumptions 
should be explicit. 

Data inputs 

Internal risk metrics, valuation inputs, limits, positions, PnL, operational events, and 
relevant external market indicators. Document sources can be included for context, 
such as contract terms that affect optionality or operational obligations. 

Workflow touchpoints 

Used in daily risk meetings, weekly executive updates, and ad hoc incident response. 
The overlay architecture matters because it can pull from multiple systems without 
forcing manual reconciliation. 

Failure modes and controls 

The main failure mode is narrative drift, where the story changes because the AI used 
different sources or assumptions. Controls include fixed data snapshots for reporting 
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periods, standardized narrative templates, and deterministic checks for key metrics. 
Another failure mode is overconfidence in generated commentary. Controls include 
confidence indicators and clear separation between facts and interpretation. 

KPIs and time-to-value 

KPIs include time to produce risk packs, reduction in manual reconciliation effort, and 
improved consistency of executive reporting. Time-to-value is often measured in weeks 
when the overlay starts with read-only reporting access and a controlled narrative 
template. 

6. Benefits that executives will care about, and how to 
measure them 
AI programs win funding when they are tied to measurable outcomes. In commodities, 
the most defensible benefits are operational and control related. 

6.1 Productivity and throughput 

The objective is to increase throughput without increasing risk. This includes reducing 
time spent assembling context, reducing manual document handling, and reducing 
repetitive reconciliation work. 

Example KPIs include cycle time per process, exception rate, tasks per FTE, backlog 
size, and time to resolve breaks. 

6.2 Risk reduction and control strength 

AI can strengthen controls by improving consistency, auditability, and early detection of 
anomalies. This is often more valuable than marginal improvements in forecasting 
accuracy. 

Example KPIs include number of operational breaks, time to resolve breaks, audit 
findings, control exceptions, and variance between expected and realized outcomes. 

6.3 Faster time to decision 

Time-to-decision matters in volatile markets. AI can reduce time-to-insight by 
consolidating internal and external context and making it quarriable. 

Example KPIs include time to prepare a risk pack, time to approve an operational 
exception, time to respond to a market event, and time to produce an executive 
narrative. 

6.4 Better economics 

Economic impact often shows up as reduced leakage and improved recovery. Faster 
identification of discrepancies and better dispute preparation improves outcomes. 
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Example KPIs include demurrage and claims recovery, dispute win rate, invoice cycle 
time, and realized vs expected margin. 

7. Cogito AI: an intelligence layer for commodity trading 
Cogito is an Agentic AI platform specifically designed for Traders, Analysts, risk 
managers, operations and finance users.  

Its core design principle is that commodity firms do not need another operational 
system. They need an AI layer that sits above existing systems, leveraging fragmented 
internal and external data for interconnected intelligence and operations automation. 

7.1 What Cogito AI connects and unifies 

Cogito AI is built to integrate external market data and intelligence sources, internal 
trading positions, PnL, and historical context, CTRM and ETRM data, ERP and 
accounting systems, and internal repositories and operational documents. 

The result is a unified view that supports decision-making and operational acceleration 
without forcing a replacement of core platforms. 

7.2 What Cogito AI delivers 

Cogito AI is designed to deliver practical, production-ready workflows- automated 
contract creation from unstructured inputs like emails and PDFs, automated P&L 
reconciliation between trading and accounting,  pre-trade analytics that surface cost-
efficient transportation routes and margin optimization opportunities etc - all built on a 
layered architecture of context agents (data and APIs), super agents (decision logic), 
and an orchestration layer (workflow sequencing), governed by principles of relevance, 
reliability, governance, and transparency.  

In practice, this gives trading, risk, and operations teams faster visibility into exposures, 
faster decisions under volatility, and enterprise-wide risk and portfolio optimization, 
while offering flexible deployment (including in a customer's own cloud) to address the 
cost, reliability, and data-security concerns that typically stall AI adoption in the 
industry. 

An overlay architecture supports incremental adoption. Firms can start with read-only 
reporting and intelligence, prove value, and then expand into workflow acceleration 
where appropriate. This reduces operational risk while still delivering measurable 
outcomes. 
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8. Implementation approach: from pilot to production 
Phase 1: Define outcomes and guardrails 

Select one or two workflows with clear KPIs. Define approved sources, access controls, 
and acceptance criteria for accuracy, traceability, and auditability. 

Phase 2: Integrate, harmonize, and validate 

Connect to the required internal systems and external feeds. Establish semantic 
definitions and validate outputs with subject matter experts. The objective is to build 
trust through evidence and consistency. 

Phase 3: Operationalize and expand 

Embed the AI layer into daily workflow. Add monitoring, feedback loops, and change 
control. Expand to adjacent use cases only when KPIs are consistently met. 

9. Conclusion 
AI advantage in commodities will come from operational intelligence and automation 
with control. The winners will be the firms that make distributed data query-able, 
reduce manual exception handling, and improve decision speed without compromising 
governance. 

Cogito AI is aligned to this reality by operating as a commodity-focused intelligence 
layer on top of existing operational systems, unifying internal and external data, and 
delivering actionable insights, scenario analysis, and workflow acceleration. 

For a demo of Cogito AI visit www.commverseglobal.com 
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